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Abstract. We develop the Japan Aerospace Exploration Agency (JAXA) level 2 cloud mask and cloud type classification 15 

algorithms for the Earth Clouds, Aerosols, and Radiation Explorer (EarthCARE), a joint JAXA and European Space Agency 

(ESA) satellite mission. Cloud profiling radar (CPR)-only, atmospheric lidar (ATLID)-only, and combined CPR–ATLID 

algorithms for the cloud mask and cloud particle type are described. The algorithms are developed and evaluated using ground-

based data, space-borne data from CloudSat and Cloud-Aerosol Lidar and Infrared Pathfinder Satellite Observations 

(CALIPSO) and simulation data from a Japanese global cloud-resolving model, the Non-hydrostatic Icosahedral Atmospheric 20 

Model (NICAM) with Joint simulator. The algorithms are based on our algorithms for CloudSat and CALIPSO with several 

improvements. The cloud particle type for ATLID is derived from an attenuation–depolarization diagram trained using 355 

nm multiple-field-of-view multiple-scattering polarization lidar and changing the diagram from that developed for CALIPSO. 

The retrieved cloud particle phases (ice, water, and mixed phases) and those reported in the NICAM output data are compared. 

We found that the agreement for CPR-only, ATLID-only, and combined CPR–ATLID algorithms averaged roughly 80%, 85%, 25 

and 80%, respectively, for 15 different cloud scenes corresponding to two EarthCARE orbits. 

 

1 Introduction 

The greatest uncertainty in climate prediction is associated with clouds (Zelinka et al., 2020). Cloud phase (ice and water) 

information is important in climate modelling and the water/ice ratio at a given temperature varies by climate model (Tsushima 30 

et al., 2006), due to the uncertainty related to ice and water cloud formation mechanisms. 

CALIPSO has collected cloud and aerosol information for 17 years, from its launch in 2006 by NASA and the Centre 

National d’Etudes Spatiales (CNES) of France until August 2023. CALIPSO lidar provides attenuated backscattering 
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coefficients at 532 and 1064 nm wavelengths and the depolarization ratio at 532 nm (Winker et al., 2010). The depolarization 

ratio has been widely used for cloud phase classification in ground-based polarization lidar observations (Sassen, 1991). Space-35 

based and conventional ground-based lidar signals noticeably differ. The multiple scattering contributions to space-borne lidar 

returns increase due to the larger footprint than that of ground-based lidar for water clouds, and CALIPSO observes a greater 

depolarization ratio from water clouds. Vertically resolved cloud type (phase) products have been produced using CALIPSO-

only data, where the cloud phase and ice particle orientation are derived based on observations of attenuation and depolarization 

ratio (Yoshida et al., 2010). 40 

CloudSat also started observing clouds in 2006 with the first operating 94 GHz cloud radar (Stephens et al. 2018). 

The global three-dimensional distribution of clouds has been obtained using CloudSat (2B-GEOPROF products; Mace et al., 

2007; Marchand et al., 2009), CALIPSO (Winker et al., 2007), and a combination of these two sensors (2B-GEOPROF-

LIDAR products: Mace et al., 2009; Mace and Zhang, 2014; Kyushu University cloud mask products: Hagihara et al., 2010, 

2014). Three-dimensional images of clouds and aerosols have increased our understanding of the atmospheric composition 45 

and radiative impact of clouds and aerosols (Stephens, 2018 and the references therein). Cloud phase identification algorithms 

for CloudSat and CloudSat–CALIPSO have also been developed to extend the detailed CALIPSO-based cloud type (phase) 

detection for clouds observed by CloudSat (Kikuchi et al., 2017). These cloud masks and phase products have been used 

extensively to evaluate global climate models (GCMs; e.g., Watanabe et al., 2010, 2012; Seiki et al., 2014) and global non-

hydrostatic model results (Hashino et al., 2013, 2016; Roh et al., 2020). The cloud phase products are also used to improve 50 

Atlantic Meridional Overturning Circulation (AMOC) simulations at the Last Glacial Maximum (LGM), correcting the 

overestimation of ice clouds by the climate model by changing the cloud water/ice partition according to the cloud phase 

partition (Sherriff-Tadano et al., 2023) based on CALIPSO-derived phase products (Yoshida et al., 2010; Hirakata et al., 2014). 

Earth Cloud, Aerosol, and Radiation Explorer (EarthCARE), a joint Japan Aerospace Exploration Agency (JAXA) 

and European Space Agency (ESA) satellite mission launched in May 2024, carries four sensors: 94 GHz cloud profiling radar 55 

(CPR), atmospheric lidar (ATLID), a multi-spectral imager (MSI), and a broadband radiometer (BBR). The CPR was 

developed by JAXA and the National Institute of Information and Communications Technology (NICT) and uses the same 

frequency as CloudSat and measures the Doppler velocity in the vertical direction in clouds. The sensitivity of EarthCARE 

CPR is –36 dBZ, which is greater than that of the CloudSat cloud profiling radar (–30 dBZ) due to the low orbit (about 400 

km) of the EarthCARE satellite and large 2.5 m antenna. The 355 nm high-spectral-resolution ATLID will provide extinction 60 

and backscattering coefficients with the depolarization ratio.  

Ground-based lidar with new capabilities has been developed to simulate space-borne lidar signals (Okamoto et al., 

2016). Several attempts have also been made to extend the limitations of ground-based lidar observations using multiple 

scattered lidar returns, i.e., multi-field-of view (MFOV) lidar (Roy et al. 1999), Wide-Angle Imaging Lidar (WAIL) (Polonsky 

et al., 2005; Davis, 2008), the Cloud Thickness from Offbeam Returns (THOR) system (Cahalan et al. 2005). Okamoto et al. 65 

(2016) used the polarization capability of MFOV Multiple-Scattering Polarization Lidar (MFMSPL) in the off-beam direction 

for the first time, operating at 532 nm wavelength during both day and night. The first version of MFMSPL used four detectors 
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for parallel channels and four for perpendicular channels, each with a FOV of 10 mrad, to measure the depolarization ratio. 

The detectors were tilted at angles ranging from 0 to 30 mrad in the vertical direction at 10-mrad intervals to observe on-beam 

and off-beam returns. The 35-mrad half-angle FOV of MFMSPL corresponds to a receiver footprint radius of about 90 m at a 70 

height of 1 km. This is comparable to that of Cloud-Aerosol LiDAR with Orthogonal Polarization (CALIOP). The MFMSPL 

system was designed to simulate lidar returns similar to those observed with space-borne lidar. The 355nm-MFMSPL was 

further developed to simulate ATLID signals (Nishizawa et al., 2021). In this study, these new instruments are used to develop 

cloud mask and cloud particle type algorithms for EarthCARE. 

 In this article, we first describe the cloud mask algorithms for CPR-only, ATLID-only, and CPR or ATLID detected 75 

clouds in Section 2. The corresponding cloud particle type algorithms are also described. In Section 3, expected cloud mask 

and cloud type retrievals from EarthCARE are discussed using CPR and ATLID signals generated from NICAM with the Joint 

simulator. In Section 4, we summarize the main findings. 

 

2 Algorithms for the JAXA Cloud mask and cloud particle type products 80 

2-1 Cloud mask algorithms 

The cloud-detection algorithms were originally developed to analyze the 94 GHz cloud radar and lidar on the research-vessel 

Mirai (Okamoto et al., 2007; Okamoto et al., 2008). These were also used to develop CloudSat-only, CALIPSO-only, and 

combined CloudSat–CALIPSO cloud-detection algorithms to produce cloud mask products from merged CloudSat and 

CALIPSO datasets (Hagihara et al., 2010, 2014). The EarthCARE CPR-only (C1), ATLID-only (C2), and combined CPR–85 

ATLID (C4) cloud-detection algorithms are largely based on the CloudSat, CALIPSO, and combined CloudSat–CALIPSO 

cloud-detection algorithms (Hagihara et al., 2010, 2014). 

The EarthCARE CPR cloud mask algorithm is an extended version of the approach applied to CloudSat and 

considers the two steps, i.e., (1) the threshold values for noise and (2) spatial continuity test (coherent test), to distinguish 

significant signals from noise and to assign a confidence level. The ATLID cloud mask is based on the attenuated 90 

backscattering coefficient in which cloudy pixels are discriminated from the grids that contain aerosols or molecules. The 

ATLID cloud-detection algorithm consists of a vertically varying adaptive threshold method and a spatial continuity test. 

The combined cloud mask products are created from the C1 and C2 mask results. The products are reported at 100 m vertical 

and 1 km horizontal resolutions. 

 95 

2-2 Cloud particle type algorithms 

2-2-1 ATLID-only cloud particle type algorithms (C2 type) 

We first describe the ATLID standalone cloud particle type algorithm (C2 type), which is an extension of that for CALIPSO 

(Yoshida et al., 2010). When a single-scattering process is dominant, spherical particles in water clouds do not have a 

depolarization ratio (δ) although the actual measured δ usually exceeds 0%. By contrast, randomly oriented ice crystals (3D-100 

ice) in ice clouds produce a large δ (e.g., Okamoto et al., 2019). Therefore, δ has been used to discriminate cloud phases using 
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ground-based polarization lidar measurements. However, satellite-borne lidar instruments such as CALIOP and ATLID 

observe much larger footprints (e.g., about 90 and 30 m, respectively) on the surface of the Earth than does ground-based lidar 

(generally less than 10 m at an altitude of 1 km). Similar discrimination is not straightforward for satellite observations because 

of the large δ values caused by multiple scattering in water clouds. CALIOP has a 0.13 mrad field of view (FOV, full width) 105 

and orbits Earth ∼700 km above the ground, leading to a footprint size of about 90 m. ATLID has different observation 

conditions, e.g., a smaller FOV (0.08 mrad, full width) and orbits Earth at ~400 km, corresponding to a 26.5 m footprint. The 

δ of ice particles can be estimated using scattering theory, such as geometrical optics with physical optics for ice clouds 

(Borovoi and Kustova, 2009; Borovoi et al., 2012; Okamoto et al., 2019). From these estimates, we expect that some optically 

thick water clouds and ice clouds will have similar values of δ. This has been verified in the CALIPSO observations. That is, 110 

there is fundamental difficulty discriminating water from ice when we use only the measured δ value. To overcome this 

problem, we introduced an additional parameter for the cloud particle type, as in Yoshida et al. (2010) for CALIPSO. Here, 

we consider a similar approach for ATLID. The geometrical thickness of a layer is 100 m in ATLID. The logarithmic of the 

ratio of the attenuated backscattering coefficient 𝛽!"" of layer i to that of the next layer (i + 1) is estimated [𝑋(𝑖) =

𝑙𝑜𝑔#$(𝛽!""(𝑖)/𝛽!""(𝑖 + 1))]. X is known to be proportional to the transmittance of a layer when the cloud microphysics of the 115 

layers is assumed to be homogeneous. 

Because theoretical estimations suggest that δ for ice particles at 355 nm is similar to that at 532 nm (Okamoto et al., 

2020) and the X–δ relation of water clouds would differ between ATLID and CALIPSO because of the different footprint 

sizes, water–ice discrimination for ATLID may differ from CALIPSO for which the separation condition between ice and 

water was given by 𝛿[%] = 10 + 60 ∙ 𝑋%. To develop separation conditions for ATLID, we rely on the data obtained by the 120 

355nm-MFMSPL (Fig. 1). In the analyses, we use only vertically pointing channels—channel 1 for the parallel direction and 

channel 2 for the perpendicular direction—because the channels have an FOV of 10 mrad, corresponding to about 30 m at an 

altitude of 3 km, which is close to the footprint size of ATLID. Observations from water cloud bottoms at altitudes < 3 km 

were chosen in the analyses. Using the 355nm-MFMSPL observations for 2 years, an X–δ diagram was created. The derived 

separation curve is 𝛿[%] = 10 + 30 ∙ 𝑋%. This means that a smaller δ is expected for ATLID than for CALIPSO for the same 125 

X. This new relation was incorporated into the X–δ diagram used for CALIPSO (Yoshida et al., 2010) to develop those 

applicable to ATLID, where the X–δ space assigned as water(3D-ice) is smaller(larger) than that for CALIPSO. Fig. 3 shows 

the resulting diagram. Note that the water cloud type for C2 clouds is first categorized by the diagram and warm or supercooled 

water is further categorized according to the temperature information from European Center for Medium-range Weather 

Forecasting (ECMWF). Spatial continuity tests (as a coherent filter) are introduced to the hydrometeor type algorithm to reduce 130 

the misclassification of cloud particle type (Yoshida et al., 2010). The scheme ultimately enables the creation of nine cloud 

particle types from ATLID: –1, missing; 0, clear; 1, warm water; 2, supercooled water; 3, 3D-ice; 4, 2D-plate; 5, a mixture of 

2D-plate and 3D-ice; 6, a mixture of water and 3D ice; and 7, unknown (missing X). 
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Figure 1: Outlook of the 355nm-Multiple-Field-of-View Multiple Scattering Polarization Lidar (355nm-MFMSPL), 

located at NICT, Tokyo.  

 

 150 
 

Figure 2: Depolarization ratio and X for water clouds at altitudes below 3 km. The data were from September 2019 to 
September 2021. The curve in the figure corresponds to 𝜹[%] = 𝟏𝟎 + 𝟑𝟎 ∙ 𝑿𝟐 and separates water clouds from ice 
clouds. 
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 155 

 
 

Figure 3: X–δ diagram for discriminating cloud particle type for ATLID. The numbers in the figure correspond to the 
following cloud particle types: 1, warm water; 2, supercooled water; 3, 3D-ice; 4, 2D-plate; 5, a mixture of 2D-plate 
and 3D-ice; and 6, a mixture of water and 3D ice. 160 

 

 

2-2-2 CPR-only cloud particle type algorithm (C1 type)  

The cloud particle type for C1 clouds is determined using CPR alone (C1-type) to infer cloud phase, ice orientation and 

precipitation type (Kikuchi et al. 2017). Radar Ze data from CPR and temperature data from ECMWF are used for initial 165 

hydrometeor type classification and precipitation correction and spatial continuity schemes are introduced to reduce the 

misclassification of cloud particle type in the CPR-only cloud particle type algorithm. Further, a Ze and temperature-based 

melting layer detection scheme is developed and implemented in the hydrometeor type classification scheme to determine the 

ice–water mixing layers. CPR has 11 cloud particle types: –9, missing; 0, clear; 1, warm water; 2, supercooled water; 3, 3D-

ice; 4, 2D-plate; 5, liquid drizzle; 6, mixed phase drizzle; 7, rain; 8, snow and; 9, melting layer. The melting layer (ML) can 170 

be characterized as dark band near 0∘C where snow particles start melting (Kollias and Albrecht 2005). ML top altitude is 

identified by local minimum of Ze in the profile and the bottom altitude of the ML is determined by the end of sharp increase 

of Ze toward the bottom. These features are detected from the weighting averaged value of the vertical derivative of Ze 

calculated using surrounding pixels to improve ML detection. Fig. 4 shows the results of the C1 type based on CloudSat with 

the retrieved C1-type shown in the Ze-temperature diagram.  175 
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Figure 4: Retrieved results of the C1 particle type from CloudSat data. The numbers in the figure correspond to the 
particle type: 1, warm water; 2, supercooled water; 3, 3D-ice; 4, 2D-plate; 5, liquid drizzle; 6, mixed phase drizzle; 7, 
rain; and 8, snow. Here melting layer is not included.  180 

 

2-2-3 Algorithms for the combined CPR–ATLID cloud particle type (C4 type) 

The CPR- and ATLID-type classification schemes are combined as the CPR–ATLID classification scheme (C4 type), which 

is applicable to CPR or ATLID detected cloud regions. The C4 type scheme uses information on the particle types from the 

C1- and C2-type schemes for each observation grid to reclassify the particle type similar to the CloudSat and CALIPSO type 185 

(Kikuchi et al., 2016). Consequently, the following 16 hydrometeor types are obtained from the C4 type scheme: -9, missing; 

0, clear; 1, warm water; 2, supercooled water; 3, 3D-ice; 4, 2D-plate; 5, mixture of 3D-ice and 2D-plate; 6, liquid drizzle; 7, 

mixed-phase drizzle; 8, rain; 9, snow; 10, water and liquid drizzle; 11, water and rain; 12, mixed phase; 13, unknown; and 14, 

melting layer. If the particle type is 7 or 12, the cloud particle phase is categorized as mixed phase. 

In the next section, the EarthCARE algorithms for cloud mask and cloud particle type are applied to simulated 190 

EarthCARE L1 data for CPR and ATLID from the NICAM/Joint simulator and the retrieval performance is assessed. 

 

3. Demonstration of the retrieval results and evaluations 

The JAXA L1 data for all four sensors onboard EarthCARE are simulated by using the output from NICAM (Tomita and 

Satoh, 2004; Satoh et al., 2008; Satoh et al., 2010, 2014) and a forward simulator called the Joint simulator (Hashino et al., 195 

2013, 2016; Satoh et al., 2016). The cloud and precipitation properties were simulated with a bulk single-moment cloud 
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microphysics scheme with six water categories (NSW6; Tomita 2008). Global 3D aerosols (sulfate, soil dust, sea salt, black 

carbon, and organic matter) and their radiative properties were simulated using the NICAM Spectral Radiation-Transport 

Model (NICAM-SPRINTARS) (Takemura et al. 2000). For the Joint simulator, the basic structure follows the NASA Goddard 

SDSU (Masunaga et al., 2010). CPR and ATLID signals are calculated by the EarthCARE Active sensor simulator (EASE) 200 

implemented in the Joint simulator (Okamoto et al., 2007, 2008; Nishizawa et al., 2008). Details are described in Roh et al. 

(2023). We chose three scenes for detailed analyses and used 15 different cloud scenes corresponding to data from about two 

full EarthCARE orbits to evaluate the accuracy of the algorithms. 

 

3-1 Mid-latitude scene 205 

 This scene contains geometrically thick clouds and precipitation. The cloud top height is around 12 km. Fig. 5 shows a time–

height cross-section of Ze from CPR (Fig. 5a), the cloud backscattering coefficient (Fig. 5b), and the cloud depolarization ratio 

(Fig. 5c). The last two are from the ATLID L2a product processed by the National Institute for Environmental Studies 

(Nishizawa et al., 2024) after applying the ATLID cloud mask. We applied the cloud mask and cloud particle type algorithms 

to these simulated CPR and ATLID signals. For this scene, the cloud areas detected with C1 and C4 are similar. This means 210 

that only a small improvement is achieved by adding the C2 mask for ATLID to the C1 mask to create the C4 mask results. 

Fig. 6 shows the results for the retrieved cloud particle types using the C1, C2, and C4 type algorithms. The scene contained 

ice particles above 2–4 km and rain below 2–4 km. The retrieved C2 type contained 3D-ice and warm water but almost no 2D-

plate in the scene. 

 215 
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Figure 5: CPR and ATLID simulated by the NICAM-Joint simulator for the mid-latitude case on June 19 2008. (a) 
Time height cross-section of the simulated radar reflectivity factor (Ze) from CPR. (b) The same as (a), but for the 220 
cloud particle backscattering coefficient derived from ATLID L1 data simulated using the ATLID L2a algorithms. (c) 
The same as (a), but for the cloud particle depolarization ratio simulated from ATLID L2a algorithms. 
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 225 

Figure 6: Retrieved cloud particle types: (a) C1, (b) C2, and (c) C4 types. 

 

 

For evaluation purposes, the retrieved C4 cloud types are further grouped into water (1, 2, 6, 8, 10, 11), ice (3, 4, 5 ,9), 

and mixed (7, 12, 14) phases. These retrieved phases are compared with the phase information from NICAM. Note that ice 230 

and water particles can co-exist in the same NICAM grid, so that the mixed phase can be also compared. Fig. 7 compares the 

retrieved and original cloud particle phase outputs. Phases 1, 2, and 3 denote the water, ice, and mixed phases, respectively. 

There is overall agreement in the comparisons, although discrepancies are also found. The mixed phase was overestimated in 

the first half of the records and underestimated in the second half. The agreement between the C2 type and NICAM is slightly 

better than for the C1 type. 235 
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Agreement rates were estimated for the retrieved C1, C2, and C4 types as follows. When the phase type (1, 2, or 3) 

of the grid of interest agrees with the phase type from NICAM, the type for the grid is considered to be in agreement. When 

the C4 phase is 1 (water) and the NICAM phase for the C4 phase is 3 (mixed phase), the grid disagrees. The total numbers of 

C1 (Ntot(C1)), C2 Ntot(C2)). and C4 (Ntot(C4)) phase types were 205961, 61810, and 206788, respectively in this scene. Then, 

the numbers of grids in agreement for C1, C2, and C3, [Ntot,a(C1), Ntot,a(C2), and Ntot,a(C4)], are counted and the agreement 240 

ratio is determined as Ntot,a(Ci)/Ntot(Ci) for i=1–3. The agreement rate for C1, C2, and C4 types was 78.7%, 83.5% and 78.4%, 

respectively. 

 

 

 245 
Figure 7: (a) Retrieved cloud particle phase for C4 and (b) the original phase in NICAM. 

 

3-2 Tropics scene 

This scene contains high cirrus clouds located at 15–16 km altitudes and was partly associated with precipitation in the Tropics. 

The Ze of high cirrus clouds is often very small, i.e., close to –35 dBZe (Fig. 8). Convection can be observed fully by CPR for 250 

around 3500 records, while ATLID signals were attenuated below 15 km. The retrieved C4 types were 3D-ice at upper altitudes 

(>10 km) and rain below 5 km. Overall agreement for the phase was found (Fig. 9). In this scene, Ntot(C1), Ntot(C2), and 

Ntot(C4) were 77939, 30860, and 80581, respectively. The agreement rates are very high for C1, C2, and C4, at 92.4%, 95.8%, 
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and 92.5%, respectively. 

 255 

 

 
 

Figure 8: The same as Figure 5 but for the Tropics. 

 260 
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Figure 9: (a) Retrieved cloud particle type for C4; (b) retrieved phase for C4; and (c) the original phase in NICAM for 
the Tropics. 265 

 

3-3 Antarctic scene 

Clouds and snow scenes in Antarctica were chosen to demonstrate the cloud particle type (Fig. 10). Strong CPR echoes >10 

dBZe were found in records between 1300 and 1800. The retrieved cloud particle type for C4 is mostly 3D-ice, with some 

snow corresponding to the strong dBZe . Comparing the retrieved phases with those from NICAM, the agreement rates were 270 

very high for C1, C2, and C4 at 92.0%, 88.6%, and 92.0%, respectively (Fig. 11). 
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 275 
Figure 10: The same as Figure 5 but for Antarctica. 
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Figure 11: (a) Retrieved cloud particle type for C4; (b) retrieved phase for C4; and (c) the original phase in NICAM 

for the Antarctica. 

 280 

3-4 Evaluation of the phase classification using simulated EarthCARE L1 data for full orbits 

 We examined the mean agreement rate for phase using total 15 simulated scenes (two full Earth orbits). In the scenes, Ntot(C1), 

Ntot(C2), and Ntot(C4) were 1790520, 514498, and 1807070, respectively. The agreement rates for C1, C2, and C4 were 80.3%, 

85.3%, and 80.0%, respectively. 

 285 

4 Summary 

This article describes the JAXA level 2 (L2) cloud mask and cloud particle type algorithms for CPR and ATLID onboard the 

EarthCARE satellite. The EarthCARE L2 cloud mask algorithms for C1, C2, and C4 are similar to those for CloudSat and 

CALIPSO. To develop the cloud particle type for ATLID, we used multiple scattering polarization lidar (355nm-MFMSPL). 

The depolarization–attenuation diagram for ATLID was newly developed using water cloud data for 2 years obtained by the 290 
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355nm-MFMSPL with theoretical estimates of ice particles. For the C1 type for CPR, the algorithm developed for CloudSat 

was extended using the Ze and temperature relation to classify cloud particle types. The CPR- and ATLID- type classification 

schemes are combined as the CPR–ATLID classification scheme. 

The developed algorithms were evaluated using NICAM-Joint simulator EarthCARE L1 signals and by comparing 

the retrieved cloud particle phase and original outputs from NICAM. Detailed analyses are shown for mid-latitudes, the Tropics, 295 

and Antarctica. The agreement rates of the retrieved cloud phases were equal or better than 80% for C1, C2, and C4. The C2 

type generally agreed better with NICAM than the C1 type. 

Several possible extensions of the algorithms are possible. Doppler velocity (Vd) information from CPR can help 

discriminate the phase for precipitation and Vd is incorporated into the C1 and C4 type algorithms for JAXA L2 research 

products. Extinction can be obtained directly by ATLID. Instead of using the ratio of two vertically successive backscattering 300 

coefficients, a depolarization ratio–extinction diagram might be realized for some cloud regions with sufficient signal-to-noise 

ratios for extinction. These extensions of the algorithms will give more accurate particle phase information. 

Once the cloud mask and type are retrieved, they can be used to derive cloud particle categories (Sato and Okamoto, 

2023) and cloud microphysics using the CPR, ATLID, and CPR–ATLID algorithms (Sato et al., 2024). It is also necessary to 

evaluate the algorithms using actual observed data. We have developed a comprehensive ground-based observation system 305 

that consists of ground-based active sensors: 94GHa High-sensitivity Ground-based Super Polarimetric Ice-crystal Detection 

and Explication Radar (HG-SPIDER); 355nm-Multiple-Field-of-view Multi Scattering Polarization lidar (Okamoto et al,, 

2016; Nishizawa et al., 2020); 355nm-high-spectral resolution lidar with polarization (Jin et al., 2021); 355nm-Doppler lidar 

(Ishii et al., 2022); and 2 µm-Doppler lidar (Iwai et al., 2013) operated at the NICT Koganei site in Tokyo, Japan. Other 

datasets will be used to evaluate the EarthCARE L2 cloud and precipitation products, including a wind profiler network 310 

operated by Japan Meteorological Agency in Japan and K-band radar with disdrometer observations in Antarctica (Bracci et 

al., 2023). 

 

Data availability. 

The JAXA EarthCARE synthetic data is distributed from https://doi.org/10.5281/zenodo.7835229 (Roh et al., 2023). The 315 
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